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Section 1

HLG-MOS

MAP OF THE WORLD s @) moucrl ﬁq—té

w HLG - MOS

* High-Level Group for the
Modernisation of Official Statistics
(HLG-MOS) was established in 2010
by the Conference of European
Statisticians (CES) to drive and steer
the modernisation for the official
statistics

* Consists of heads of 13 national

3 8 F statistics organisations (NSOs) and
international organisations (Australia,
Canada, Ireland, ltaly, Mexico,
Netherlands, New Zealand, Poland,
Republic of Korea, UK, Eurostat,
OECD and UNECE)

e Currently co-chaired by Netherlands
and Poland
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Section 1

HLG-MOS and Al
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Strategic Synthetic Data Cloud for Open-
GSBPM GSIM Big Data Communication Guide official statistics source
2008 2012 2014 2018 2019-20 2021-22 2023 2024
BSTN ML Project UK ONS-UNECE LLM White Generative Al for
ML Position Paper ML Group Paper official statistics

Al ]

N

‘3 UNECE

5

744

¥ 5
=?

&L{f“

r

4
{




Section 1 Section 2

Rise of Al

ZOOMING AHEA

100 million monthly active
wm Generative Al Revenue

No. of months —Generative Al as a % of Total Technology Spend
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Section 1 Section 2

Rise of Al

NEWS | THE INSTITUTE

IEEE Spectrum ‘Al Pause’ Open Letter Stokes Fear and Controversy Q Type tosearct The
s — e - Q ;
Economist s Menu  Weekly edition ~ The world in brief Search v Try for free Login

‘Al Pause’ Open Letter Stokes Fear and Controversy >
IEEE signatories say they worry about ultrasmart, amoral

systems without guidance Artificial intelligence 18 losing hype

Finance & economics | Free exchange

3 WIN READ | []

ditor at IEEE Spectrus

For some, that is proof the tech will in time succeed. Are they right?
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Section 1

Section 2

Rise of Al

4

expectations On the At the Sliding Into Climbing Entering
Rise Peak the Trough the Slope the Plateau
Activity beyond

Supplier early adopters

proliferation

Negative press begins
High-growth adoption

. — phase starts: 20% to 30%
Supplier consolidation .
and failures of the potential
audience has adopted

Second/third the innovation

rounds of Methodologies and best

venture capital practices developing
funding

Mass media
hype begins

Early adopters
investigate

First-generation

products, high price,
lots of customization
needed

Less than 5 percent of
the potential audience
has adopted fully

Third-generation products,
out of the box, product

Startup companies
first round of venture

UNECE

capital funding suites
Second-generation
products, some services
Technology Peak of Inflated Trough of Plateau of
Trigger Expectations  Disillusionment Slope of Enlightenment Productivity
|l
time

Gartner general hype cycle for technology (Wikipedia)



https://en.wikipedia.org/wiki/Hype_cycle

Section 1 Section 2

Rise of Al

expectations

4

*  “ltworks!” * Not as good as initially thought
* Potentially transform  Lack of buy-in & resistance from users

legacy system for X, Y, Z * Difficult to maintain models (retraining)

tasks e Failures to move PoC into production & projects
abandoned

* Establish standard workflow and clear
division of works/responsibilities
* Keytools are white-listed/supported

Technology Peak of Inflated Trough of Plateau of
Trigger Expectations  Disillusionment Slope of Enlightenment Productivity
-
time
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Section 1 Section 2

Al for modernisation of NSOs

* Enhance productivity

From the printing press to the global internet, technology has evolved, and human societies with it

Output per hour (1760=100) a n d effi C i e n Cy

* Improve service delivery
and user experiences
* Offer new products
’ 1440 1760 1890 1910 1930 1950 1970 1990 2010 But not Without Chall_enges

{e2) uNECE moderTstats



Section 1 Section 2 Section 3

Application areas

Overarching Processes

Specify needs Design Build Collect Process Analyse Disseminate Evaluate
11 21 Reuse or build b 5.1 ] L6 &l
- L . Create frame and . Prepare draft Update output Gather evaluation
Identify needs Design outputs "?:tlrﬁmr:s e e T Integrate data e Serre T
= & >z 42 52 6.2 Proa 82
Bg il i Reuse or build roduce
C"ﬁ““" a“::s n'““."g:a"'e processing and Set up collection Classify and code Validate outputs dissemination Conduct evaluation
confirm nee scriptions analysis components products
323 73
1.3 = 6.3 8.3
. 2.3 Reuse or build 4.3 5.3 Manage release of N
E‘t:;"z"t;:sm‘" Design collection dissemination Run collection Review and validate e;“}:{:ﬁ";ﬂs dissemination Agree ‘:‘nac""“
= components P! products p
74
2.4 34 6.4
14 5 4, 5.4 B Promote
. Design frame and Configure - . . - Apply disclosure . Lo
ldentify concepts i e T Finalise collection Edit and impute el dissemination
products
15 2.5 by 5.5 65 7.5
Check data Design processing Test production Derive new Finalise outputs Manage user
availability and analysis systems variables and units support
2.6
1.6 . . 3.6
5 Design production _— 5.6
Prepare and submit Test statistical -
. systems and - Calculate weights
business case workil business process
3.7 5.7
Finalise proeduction Calculate
systems aggregates
5.8
Finalise data files

Generic Statistical Business Process Model (GSBPM)




Section 1 Section 2 Section 3

Application areas

‘Overarching Processes

PN

Specify needs Design Build Collect Analyse D I r t i t i V
34 I
41 T4 81
11 21 Reuse or build 54
Create frame and Update output Gather evaluation
Identify needs Design outputs collection SRR Integrate data S i t k I
= = 2 42 52 ﬁo’&zucc 82
Reuse of build
D‘E:ﬁ“:"‘""nﬁ‘ D:P;i"m'e g i setup collectio Classify and code dissemination Conduct evaluation
P analysis components products .
: = = automated with
23 Reuse or build 43 53 Manage release of =
E’E&?ﬁw Design collection dissemination Run coliectiq Review and validate dissemination Agree i
components products s
[ ]
74
24 34
14 44 54 Promote
oo || oo , , Ilelp of machine
Identify concepts Finalise colled Edit and impute dissemination
sample workflows products
15 25 35 55 75 °
Check data Design processing Test production Derive new Manage user
availability and analysis systems variables and units support
56
1.6 ’ 36
Prepare and submit Design prodachion Test statistical
business case ’MM business process
37
Finalise production
systems
Finalise data files
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Section 1 Section 2 Section 3

Text classification

—
5.2
Classify and code
4
naad
’ Standard Occupational International Standard Industrial

Classification 2010 e o Classification of All Economic
Activities (ISIC), Rev.4

Survey response “lam a
cook at a French restaurant”

i

N ot publcalion, pee-SS18G Tt 80bcE 10 offcial dBng

®
SOC “35-2014.00 Cooks, COICOP for
Restaurant” SOC for product ISIC for activity
occupation
ggj} UNECE moderi lbi.c_l.g
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Section

Text classification

erring fillets with chi

1

produkt

ud parsley ..

1 Herring fillets in vegetX@e cil and
2 Orasi - Soy drink wit\glvanilla
3 Elery
4 Hogiand - Four Cheese cream cheese melteqlin .
17094 Be Raw! - Energy bar {iiton
17095 ofs
17096 50 g
17097 3 - e juice
17098 A ries wit...

17099 rows = 2 colum

Product descriptions in text

Section 2

Egetables, other preserved or processed

Cheese and curd

Confectionery product

Baby fog,

pgetables other than potatoes and othg

Fruit and vegetable

COICOP Code

2
<3¥Z

L{Tv\
K=

1‘3 UNECE
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Builds

Section 3

0 Lisner Her,

Hochland

2995
2996 Tea sir
2997
2998
2999

3000 rows = 4 columns

New set of product descriptions

in text

jams royal taste yerba mate dame 1...

P fillets with chili and pars'

Herring fillets in vegetable cil a
Orasi - Soy drink with vanilla

Pate With Celery

our Cheese cream cheese melted in ...

Edam cheese piece

Beef tripe in broth
Lettuce - butterheg

Serenada Radamer cl

Fresh or chill§@vegetables other than potatoe

predicted

es  probability

processed fish and seafood-

[l or processed fish and seafood- ...

Other milk products 0.901197

Other meat preparations

Cheese and curd 0.979830

Cheese and curd 0.930995

0.919722
0.568275

Tea

Other meat preparations

0.934961

Predicted COICOP
Code

Uses

True codes

0.971882 Other preserved or processed fish and seafood-...

0.933938 Other preserved or processed fish and seafood- ..

Other milk products

0.535415  Dried vegetables, other preserved or processed...

Cheese and curd

Cheese and curd

Tea

Other meat preparations

0760290  Fresh or chilled vegetables other than potatoe .

Cheese and curd

modaory

|
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Section 1

Text classification

Section 2

Table 4. NAICS and NOC model metrics for the CCHS
production pipeline. Overall Accuracy, F1, Precision, and

Recall were calculated on the ‘Interactive: QC Sample’. (A) Q3

Record number = 343. (E

~
Error Rate (%)
‘ Weighted Average F1-Score

Weighted Average Precision

‘ Weighted Average Recall

Error Rate (%)

Weighted Average F1-Score
Weighted Average Precision
Weighted Average Recall

Statistics Canada (ML Project)

(a)

True: Abacate --> Pred: Goiaba | Prob: 9.05

NOT Goiaba
granel

a
0.

com
0.

2
0.

abacate
0.

Text with highlighted words

abacate a granel com 2 unidades

Brazilian Institute of Geography and Statistics (ML Group)

03

-

Section 3

Pipeline preparation

[m - Most disaggregated level -
AGRICULTURE, FORESTRY AND FISHING A

Crop ana.

‘Growing of non-perennial crops 011
Growing of cereals (xcept ice), leguminous crops and od 101110
" Growing of rice. o1120
Growing of vegetables and melons, rocts and tubers 01130
Growing of sugar cane

Growing of tobacca
Growing of fibre crops
| Growing of other nan-p

rnial crop

Vector embedding

Prompt

Sub-class 13.92/1: Manufacture of soft furnishings

Vg office for
National Statistics

UK Standard Industrial Classification (SIC) Hisrarchy

This sub-class includes:

= manufacture of made-up soft furnishing articles of textile
material including of knitted or crocheted fabrics: cushions,
pouffes, pillows, curtains, fumiture covers, blinds such as
Festoon, Austrian, Roman, elc.

sy This sub-class excludes:
Eiee] * CAnvas biinds and sunblinds, see #413.92/2

This sub-class is part of:
= Class 13 92° Manutaclure of made-up lextile articles, except

apparel
= Group 13.9° Manufacture of other textiles
« Dwision 13. Manufacture of lextles

« Section. C. MANUFACTURING

Runtime

Query including:
TLFS response + detailed
description of suggested SIC codes

UK ONS ClassifAl



https://statswiki.unece.org/display/ML/Studies+and+Codes?preview=/285216428/290358696/ML_WP1_CC_Canada.pdf
https://statswiki.unece.org/download/attachments/293535864/WS_T1_Brazil_Final_Report_ML_UNECE.pdf?version=1&modificationDate=1639756810336&api=v2
https://datasciencecampus.ons.gov.uk/classifai-exploring-the-use-of-large-language-models-llms-to-assign-free-text-to-commonly-used-classifications/

T Y

Section 1 Section 2 Section 3

Imagery classification

1,975,719 (1km x 1Tkm) grid cells
Objective of this Imagery Pilot Project (Practical Application)
Expand the use of imagery data in the production of official statistics through the further ......... 40’ OOO d O n e by

development of knowledge and sharing of ML solutions and practices. h

Annual Satellite Image Annual classifications in

Training Summary Machine Learning Non-Census years

based on this data

s ML

2010 Census 2010 Imagery ; Urban and Non-Urban Classes Tretrenett 1 ) 935 ) 7 1 9 d O n e by M L

(Random Sample)

I

: INEGI ‘ Imagery Pilot Project

2

INEGI (ML Project)

RN L
&%) UNECE moderTstars


https://statswiki.unece.org/display/ML/WP1+-+Pilot+Studies?preview=/285216428/290359148/WP1_Imagery_Mexico_Presentation_April2020.pdf

Section 1 Section 2 Section 3

Other examples in data processing

Record Matching Problem

Census file Source document fila
Company | Age
eren L [ e m. Use case — Turkish Statistical Institute
John Smith ACME Inc. 25 Car accident Suzy E. Carter oe’|
Susan Carter Tree Co. 74 Hit by tree Kl Frank Garcia Cola
Wanklong  BigBox 34  Homicide jonatnansmith — AG e Project 3 — Create a framework for government R&D
Henry Long BB F
survey

out-of-core computir
US BLS (ML Project,

Tree c‘arunmg <
using depth-first
approach
Parallelized
tree building

Web Scraping®

.
Imputation
3 — U.S. BUREAU OF LABOR STATIST|
Cache awareness an

Turkish Statistical Institute (ML Grouo)

o sta unk ntralbyréa

Statistics Norway (SDE Expert Meeting 2020)

?

%) UNECE

2

{
W

Record matching
Imputation
Create survey
framework
|dentify survey
respondents to
follow up

modaori

P [
ISWLS


https://statswiki.unece.org/download/attachments/293535864/ML2021_September_BLS%20record%20matching.pdf?version=1&modificationDate=1632928582677&api=v2
https://unece.org/fileadmin/DAM/stats/documents/ece/ces/ge.58/2020/mtg1/SDE2020_T1-A_Norway_Jentoft_Presentation.pdf
https://statswiki.unece.org/download/attachments/338329823/ML2022_Web_TurkStat.pdf?api=v2

Section 1 Section 2 Section 3

Coding and IT development

* Use case that has
iImpacts in many
working areas in NSOs

* Particularly important
these days as many of
them are transitioning to
open-source such as R
and python

* Seen positive side-

effect: standardisation
Central Statistics Office of Ireland (Generative Al Project) an d go O d CcO d | N g
practices

Insee France

(€2} UNECE moderTstats


https://my.visme.co/v/z4nodvzv-qzoe99
https://github.com/CSOIreland/Code-Transcompiler-using-LLMs-public

Section 1 Section 2 Section 3

Data dissemination

] e Provision of
Stat-GPT: How it works statistics is

|::_| Please give me data for GDF’|per capitalinldol\arslfor Baltic coitries for fu n d a m e nta l ro le Of
/ Himsf: IMF:COUNTRY_GROUPS(1.0.0), Group: Baltics ¢ N S O S
Code Lis‘t': IMF:COUNTRY(1.0.0), Codes: 939 (EE), 941 (LV), 946 (LT) 4.}
Dataset: IMF:IFS(1.0.0) <. o
| * Data platform is not
" COUNTRY:  Code List: IMF:COUNTRY(1.0.0), Code: 939, 941, 946 .
D{ INDICATOR: Code List: IMF:IFS_INDICATORS(1.0.0), Code: NGDP@ e a Sy to n aVI gate

DSD: IMF:IFS_DSD (1.
FREQUENCY: Code List: IMF:FREQUENCY(1.0.0), Code: A [default]

_ e peroofureann] * Help users find
data with natural
language,

SDMX Query: ~ <host>/sdmx21/data/IFS/939+941+946 .NGDPDPC . A2startPeriod=20198endPeriod=2023 im P rOVi N g user
IMF (CES 2022) experience

e

(&) UNECE moderiTstats
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https://unece.org/sites/default/files/2024-07/5_2_3_AI%20and%20LLM_IMF_BertKroese.pdf

Section 1 Section 2 Section 3

Information search and text generation

X
C% Give 3 key takeaways from the 2023 Review of Maritime Transport 2024-04-19 10:55
014.04.19 1046
Upload your own documents
% 1. The global economy remains fragile, with high inflation, geopolitical risks, and debt burdens

URLs
constraining growth prospects. The outlook for global trade is pessimistic, with expected .
https://unctad.org/system/files/official-document/rmt2023_en.pdf annual growth rates of 1.7% in 2023 and -0.6% for the second quarter of 2023

The shipping Industry continues to face disruptions and uncertainty, with shifts in the

Upload your own documents
geography of maritime trade, continued disruptions to shipping and ports, and high fuel

. . .
costs Impacting energy and food security. The outlook for shipping in 2023 is uncertain, with
decarbonization efforts and fuel transition pathways presenting both opportunities and

challenges for the industry.

The Review highlights the importance of digitalization and electronic trading systems in
facilitating maritime trade and transport, with the adoption of such systems expected to S e a r‘ : re S e a r‘ :
Process corpus increase efficiency and reduce costs for stakeholders. However, the Review also notes the

need for continued efforts to address cybersecurity risks and ensure the interoperability and

compatibility of different systems.

&% Sources:
Model parameters LA
Which LLM
mistral-docsgpt o 8 Elaborate on global trade growing at a slower pace

024.04.19 10:5

Which corpus

temporary_daniel_hopp v

@

According to the 2023 Review of Maritime Transport, global merchandise trade grew by only 2.7%
in 2022, which represents a significant slowdown from the 9.4% rebound witnessed in 2021. This
Advanced model parameters
slowdown can be attributed to several factors, including high inflation, geopolitical risks, and
debt burdens constraining economic growth, as well as disruptions to shipping and ports caused
Reinitialize model by the COVID-19 pandemic and the war in Ukraine. The outlook for global trade in 2023 is also

pessimistic, with an expected annual growth rate of 1.7%, and trade growth is projected to

Reset model's memory

UNCTAD (CES2024)

m(\h]r\r' STl
Yoot o GLS
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https://unece.org/sites/default/files/2024-05/ECE_CES_2024_23_E.pdf

Section 1 Section 2 Section 3

Communication
(@ * Growing emphasis
@ on tailored

communication

* Image/audio/video
generation

 Generation of
communication
materials in line
with certain styles
and tone

e i A —— — T — T — T — T—— T T———" T

Statistics Indonesia (Al + Co

Statistics Canada (Al+Comm Task Team under HLG-MOS)

= <=
“*
| =5

{

{¢2) UNECE moderTstats


https://unece.github.io/genAI/Resources/StatisticsIndonesia_2024_03_Comm.pdf
https://vimeo.com/statcanvideo/review/982142762/57e7b37f68

Section 1 Section 2 Section 3 Section 4

Challenges and some lessons learned

* Challenges about Al —

Different methodologies
Black-box
Different programming languages

* ...compound by being national statistics organisations

A ™

_ Experiment vs. production
Higher stake for error Alignment with quality

Procurement limitation standards

Change management

(&) UNECE moderstats
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Section 1 Section 2 Section 3 Section 4

Quality

United Nations National Quality Assurance Framework quality principles
and supporting Fundamental Principles of Official Statistics

([
Accuracy

Level A: Managing t stical system
L] L] L]
1: Coordinating the national statistical system A quality framework for statistical algorithms [ EX la I l l a b I l I t
2: Managing relationships with data users, * -
data providers and other stakeholders Article type: Research Article
3: Managing statistical standards Authors: Yung, Wesley? * | Tam, Siu-Ming® | Buelens, Bart® | Chipman, Hugh¢ | Dumpert, Florian® | Ascari,

ielel i Fabiana® a i n
Level B: Managing the institutional envi nt Gabriele | Rocci, Fabiana' | Burger, Joep? | Choi, InKyung'

Affiliations: [a] Statistics Canada | [b] National Institute of Applied Statistical Research, University of

* Reproducibility

4: Assuring professional independance O = Wollongong, Wollongong, NSW, Australia | [c] Vlaamse Instelling voor Technologisch Onderzoek (VITO) |
~ . o [d] Department of Mathematics and Statistics, Acadia University, Canada | [e] Federal Statistical Office
5: Assuring impartiality and objectivity # O O O O of Germany | [f] Italian National Institute of Statistics | [g] Statistics Netherlands | [h] United Nations

Economic Commission for Europe
&: Assuring transparency *
Correspondence: [*] Corresponding author: Wesley Yung, Statistics Canada. Tel.: +1 613 404 2203; Fax:

7: Assuring statistical confidentiality and data +1 613 951 1462; E-mail: Wesley.Yung@canada.ca.

security

*

Abstract: As national statistical offices (NSOs) modernize, interest in integrating machine Learning (ML)
& . into official statisticians’ toolbox is growing. Two challenges to such an integration are the potential
8 Assuring comrmitment ta quality * Loss of transparency from using “black-boxes” and the need to develop a quality framework. In 2019,
9 Assuring adequacy of resalirces o) the H?gh—Level_ Grou»p for the Modern_isat_ion of _Ofﬁciat Statistics (HLG-MOS) launched a project on
- machine learning with one of the objectives being to address these two challenges. One of the outputs
. of the HLG-MOS project is a Quality Framework for Statistical Algorithms (QF4SA). While many qualit
e S P frameworks ex\'sl?thjey have been c{)nceived with traditional metghods in m(\'nd, an)cl they tend ;luqtargez
10: Assuring methodological soundness * 0 statistical outputs. Currently, machine learning methods are being looked at for use in processes
producing intermediate outputs, which lead to a final statistical output. Therefore, the OF4SA does not
* replace existing quality frameworks; it complements them. As the QF45A targets intermediate outputs
and not necessarily the final statistical output, it should be used in conjunction with existing quality
12: .A;;ming appropriate statistical * 0 frameworks to ensure that high-quality outputs are produced. This paper presents the QF4SA, as well
*

e Timeliness
e Cost-effectiveness

11: Assuring cost-effectiveness
procedures as some recommendations for NSOs considering the use of machine learning in the production of

official statistics.

13; Managing the respondent burden Keywords: Machine learning, official statistics, explainability, reproducibility

Level D: Managing statistical outputs DOI: 10.3233/5)1-210875

14: Assurhg relevance ‘ 0 0 Journal: Statistical Journal of the IAQS, vol. 38, no. 1, pp. 291-308, 2022
15: Assuring accuracy and reliability #* (@] Bublished 22 ktarenp U2

16: Assuring timeliness and punctuality * o]

17: Assuring accessibility and elarity * 0]

18: Assuring coherence and comparability #*

19: Managing metadata

UN National Quality Assurance Framework

moderTstatls
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Section 1 Section 2 Section 3 Section 4

Al In production

Developing a model

Al Model

Ethics
Standardisation

Stakeholder buy-in

Model serving
Data security

Quality control

......... Versioning

Documentation

Data management

7
7

N

4

S
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Section 1 Section 2 Section 3 Section 4

Al In production

Al in experimental phase Al in production
Focus on validity QAC
Codes in PoC model & On a
ata ased on Connected
_D_ ?aCS?QEiSt’S gr%l:ltlig%l%g @ .0'? f;'ﬁ components scaleladrgteg
NS

Small team, quick
testing Bigger team

& soa

e

moderiTst
et 1o GLS
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Section 1 Section 2 Section 3 Section 4

Skills

* People with Al skills are in high
demand everywhere

* There are limitations for
recruitments as public organisation

* Emphasis on what NSOs can offer (e.g., public good,
data)

* Partnership (e.g., public & academia consortium)

S
==

XY [P
1
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Section 1 Section 2 Section 3 Section 4 Section 5

Al for official statistics

Some final remarks

* Al may not transform NSOs overnight, but can help modernise in
various ways

* Concrete uses cases from NSOs
* Fully integrating Al is a long journey
* Sharing and collaboration is key to facilitating Al adoption

% ‘\\‘{j S N
(€3} UNECE moderTsal



Section 1 Section 2 Section 3 Section 4 Section 5

Resources

UNECE Generative Al use cases in official statistics

This page contains generative Al use cases in national and international statistical organizations presented at various relevant meetings. If
Pages you have any use case / research you wish to add to this list, please submit it via pull request to the data file on github or thi b

- s - s Machine Learning
Machine Learning for Official Statistics Home

for Official Statistics List of use cases
Seea data inJs
Use case type Title Resource type ‘Organisation Date AI models used Approach Tools Code avaiability
1 |Code and IT SAS 10 R transiation | Paper cso reland 02312 |GPT-3.5
o development
&D o UNECE HLG-MOS 2 |Code and IT SAS to R conversion: | Presentation France Insee 2023-11 |GPT-3.5
. M ho L o —linoste .. develapment the use of LLM
S achine Learning ko2 3 [Text generstion for | Report Generation | Faper Statistics Canada | 2023-11 |GPT-3.5
&/ for Official Statistics analysis Lsing LLis
) Iy 4 Text generation for | ALin Statistics Presentation Statistics Norway 2024-05 |GPT-4 Prompt engineering  Chat GPT N/A
0@ analysis Norway
> 08310 1 . 0 10 l 0 5  Text generation for Leveraging Al- Presentation Bank of International | 2024-03 | GPT-3.5 Prompt engineering, OpenAl Al Assistant | N/A
. - - e data processing assistants for better Settlements RAG

=l aaaer m 3= = = (editng) metadata and

communication

6 |Text generstion for |Leveraging Al- Presentation Bank of International | 2024-03 |GPT-3.5 Prompt engineering, | OpenAl Al Assistant | N/A
data processing assistants for better Settiements RAG
(editing)

m
communication

7 | Communication - Use of Al in the Presentation Indanesia BIS 2024-03 |GPT-3.5 Prompt engineering NiA
HLG-MOS Machine Learning and training | | Studies and codes Machine Learning textual materials communication and
Group 2021 dissemination of
statistics
8 | Communication - Use of Generative Al | Presentation EUROSTAT 2024-04 Prompt engineering  DALL.E, ChatGPT, NiA
images or videos | in ESTAT Adobe Firefly, Image
. materials Creator, Midjourney
9 | Data dissemination |Free ta play: Paper UNCTAD 2024-05 | mistral RAG Uamalndex, Yes
and information UNCTAD'S by v
search with developing Its
own open-source

RAG LLM application

Statistics Wiki on ML —

Github repo on generative Al
ML for Official Statistics use cases



https://statswiki.unece.org/display/ML/Machine+Learning+for+Official+Statistics+Home
https://unece.org/sites/default/files/2022-09/ECECESSTAT20216.pdf
https://unece.github.io/genAI/
https://unece.github.io/genAI/
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Thank you for your attention!
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