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HLG-MOS

• High-Level Group for the 
Modernisation of Official Statistics 
(HLG-MOS) was established in 2010 
by the Conference of European 
Statisticians (CES) to drive and steer 
the modernisation for the official 
statistics

• Consists of heads of 13 national 
statistics organisations (NSOs) and 
international organisations (Australia, 
Canada, Ireland, Italy, Mexico, 
Netherlands, New Zealand, Poland, 
Republic of Korea, UK, Eurostat, 
OECD and UNECE)

• Currently co-chaired by Netherlands 
and Poland
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HLG-MOS and AI
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Rise of AI

Gartner general hype cycle for technology (Wikipedia)
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https://en.wikipedia.org/wiki/Hype_cycle


Rise of AI

• Not as good as initially thought
• Lack of buy-in & resistance from users 
• Difficult to maintain models (retraining) 
• Failures to move PoC into production & projects 

abandoned

• “It works!” 
• Potentially transform 

legacy system for X, Y, Z 
tasks

• Establish standard workflow and clear 
division of works/responsibilities

•  Key tools are white-listed/supported
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AI for modernisation of NSOs

• Enhance productivity 
and efficiency

• Improve service delivery 
and user experiences

• Offer new products 

But not without challenges
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Application areas

Generic Statistical Business Process Model (GSBPM)
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Application areas

• Areas with manual 
and repetitive 
tasks can be 
automated with 
help of machine 
learning
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Text classification

SOC “35-2014.00 Cooks, 
Restaurant”

Survey response “I am a 
cook at a French restaurant”

SOC for 
occupation

COICOP for 
product ISIC for activity
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Text classification

Product descriptions in text COICOP Code

ML 
ModelBuilds

New set of product descriptions 
in text

Uses

Predicted COICOP 
Code
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Statistics Canada (ML Project)

Text classification

Brazilian Institute of Geography and Statistics (ML Group)  

UK ONS ClassifAI
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https://statswiki.unece.org/display/ML/Studies+and+Codes?preview=/285216428/290358696/ML_WP1_CC_Canada.pdf
https://statswiki.unece.org/download/attachments/293535864/WS_T1_Brazil_Final_Report_ML_UNECE.pdf?version=1&modificationDate=1639756810336&api=v2
https://datasciencecampus.ons.gov.uk/classifai-exploring-the-use-of-large-language-models-llms-to-assign-free-text-to-commonly-used-classifications/


Imagery classification

40,000 done by 
human

………. 1,935,719 done by ML
based on this data

1,975,719 (1km x 1km) grid cells

INEGI (ML Project) 
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https://statswiki.unece.org/display/ML/WP1+-+Pilot+Studies?preview=/285216428/290359148/WP1_Imagery_Mexico_Presentation_April2020.pdf


Other examples in data processing 

• Record matching
• Imputation
• Create survey 

framework
• Identify survey 

respondents to 
follow up

US BLS (ML Project)

Statistics Norway (SDE Expert Meeting 2020)

Turkish Statistical Institute (ML Group)
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https://statswiki.unece.org/download/attachments/293535864/ML2021_September_BLS%20record%20matching.pdf?version=1&modificationDate=1632928582677&api=v2
https://unece.org/fileadmin/DAM/stats/documents/ece/ces/ge.58/2020/mtg1/SDE2020_T1-A_Norway_Jentoft_Presentation.pdf
https://statswiki.unece.org/download/attachments/338329823/ML2022_Web_TurkStat.pdf?api=v2


Coding and IT development

• Use case that has 
impacts in many 
working areas in NSOs

• Particularly important 
these days as many of 
them are transitioning to 
open-source such as R 
and python

• Seen positive side-
effect: standardisation 
and good coding 
practices

Insee France (HLG-MOS Modernisation Workshop 2023)

Central Statistics Office of Ireland (Generative AI Project) 
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https://my.visme.co/v/z4nodvzv-qzoe99
https://github.com/CSOIreland/Code-Transcompiler-using-LLMs-public


Data dissemination

• Provision of 
statistics is 
fundamental role of 
NSOs

• Data platform is not 
easy to navigate

• Help users find 
data with natural 
language, 
improving user 
experienceIMF (CES 2024)
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https://unece.org/sites/default/files/2024-07/5_2_3_AI%20and%20LLM_IMF_BertKroese.pdf


Information search and text generation

• Can also be used for 
internal information 
search & research 

UNCTAD (CES2024)
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https://unece.org/sites/default/files/2024-05/ECE_CES_2024_23_E.pdf


Communication

• Growing emphasis 
on tailored 
communication

• Image/audio/video 
generation 

• Generation of 
communication 
materials in line 
with certain styles 
and tone

Statistics Indonesia (AI + Comm Task Team under HLG-MOS) 

Statistics Canada (AI+Comm Task Team under HLG-MOS)
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https://unece.github.io/genAI/Resources/StatisticsIndonesia_2024_03_Comm.pdf
https://vimeo.com/statcanvideo/review/982142762/57e7b37f68


Challenges and some lessons learned

• Challenges about AI 

• … compound by being national statistics organisations

Higher stake for error

Procurement limitation

Experiment vs. production

Change management

Different methodologies
Black-box 
Different programming languages 

Alignment with quality 
standards
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Quality

• Accuracy
• Explainability
• Reproducibility
• Timeliness
• Cost-effectiveness

UN National Quality Assurance Framework 
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AI in production 

AI Model

Non-AI 
model

Quality control

……… 

Documentation

………

Standardisation

Model serving

……….
Versioning

Monitoring and re-training

………..
Data management

Data security

Stakeholder buy-in
Ethics

Developing a model
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AI in production 

AI in experimental phase AI in production

Codes in 
data 
scientist’s 
laptop

Small team, quick 
testing

Focus on validity

PoC model 
based on 

(relatively) 
small data

On a 
larger 

scale data

QAC

Bigger team

Connected 
components
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Skills

• People with AI skills are in high 
demand everywhere

• There are limitations for 
recruitments as public organisation
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• Emphasis on what NSOs can offer (e.g., public good, 
data)

• Partnership (e.g., public & academia consortium)



Some final remarks 
• AI may not transform NSOs overnight, but can help modernise in 

various ways
• Concrete uses cases from NSOs 
• Fully integrating AI is a long journey
• Sharing and collaboration is key to facilitating AI adoption

AI for official statistics
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Resources

Statistics Wiki on ML
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ML for Official Statistics 
Github repo on generative AI 
use cases

https://statswiki.unece.org/display/ML/Machine+Learning+for+Official+Statistics+Home
https://unece.org/sites/default/files/2022-09/ECECESSTAT20216.pdf
https://unece.github.io/genAI/
https://unece.github.io/genAI/


Thank you for your attention!
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